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 Real life inventory lot sizing problems are frequently challenged with the need to order different 
types of items within the same batch. The Joint Replenishment Problem (JRP) addresses this setting 
of coordinated ordering by minimizing the total cost, composed of ordering (or setup) costs and 
holding costs, while satisfying the demand. The complexity of this problem increases when some 
or all item types are prone to obsolescence. In fact, the items may experience an abrupt decline in 
demand because they are no longer needed, due to rapid advancements in technology, going out of 
fashion, or ceasing to be economically viable. This article proposes an extension of the Joint 
Replenishment Problem (JRP) where the items may suddenly become obsolete at some time in the 
future. The model assumes constant demand and the items’ lifetimes follow independent negative 
exponential distributions. The optimization process considers the time value of money by using the 
expected discounted total cost as the minimization criterion. The proposed model was applied to 
some test cases, and sensitivity analyses were performed, in order to assess the impact of 
obsolescence on the ordering policy. The increase in the obsolescence risk, through the progressive 
increase of the obsolescence rates of the item types, determines smaller lot sizes on the ordering 
policy. The increase in the discount rate causes smaller quantities to be ordered as well.  
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1. Introduction 

The Economic Order Quantity (EOQ) model is one the oldest models in the inventory lot sizing literature. Harris (1913) 
proposed the model under the assumption of constant demand, for a single item type, recognizing the need to balance ordering 
and holding costs. Another seminal single item contribution to this problem is due to Taft (1918, apud Holmbom & Segerstedt, 
2014) who extended the EOQ by incorporating a finite production rate, originating the well-known Economic Production 
Quantity (EPQ) model or Economic Production Lot (EPL) model. Since then, several new inventory lot sizing models have 
appeared in the literature, particularly those considering the inventory management of multiple item types, instead of just one, 
and also items prone to obsolescence.  

The EOQ\EPQ based models are still widely accepted by many industrial sectors, especially due to their simplicity and 
effectiveness (Andriolo et al., 2014). However, these models have some restrictive assumptions as, for example, to consider 
a single type of item. Companies are frequently confronted with the need to order different items from a single supplier. 
Coordinated ordering may lead to a reduction on fixed costs, for example, by filling a truckload or by substantially lowering 
the setup costs if a group of products are manufactured together in a production line (Axsäter, 2015). In this setting, the Joint 
Replenishment Problem (JRP) encompasses the coordinated replenishment of different types of items in the same order 
(Khouja & Goyal, 2008), generally provided by the same supplier, or with the determination of lot sizes and schedule of 
multiple types of items in single-facility production/inventory systems (Lee & Yao, 2003).  
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The possibility of item obsolescence is also a relevant issue in several inventory lot sizing problems. As the point at which an 
item becomes obsolete cannot be predicted in advance, obsolescence is usually characterized by uncertainty in the product 
lifespan. This sort of items typically experiences an abrupt decline in demand because they are no longer needed, due to an 
advance in technology, going out of fashion, or ceasing to be economically viable. In other words, obsolescence typically 
occurs when an item has been superseded by a better version (Nahmias, 2011). As a consequence, obsolescence results in a 
partial or total loss of value of the inventory on hand (van Delft & Vial, 1996). Thus, obsolescence is not alien to the literature 
of inventory lot sizing. However, despite the existence of literature addressing the obsolescence, most of it assumes a single 
item type approach, such as the studies of Masters (1991), Joglekar & Lee (1993), Cobbaert & Van Oudheusden (1996), 
Emsermann & Simon (2007), Arcelus et al. (2006) and van Delft & Vial (1996), among others.  

Khouja & Goyal (2008) point out that JRP models are vastly more applicable in real life situations than inventory models 
assuming a single item type and advocate more research on practical extensions of the JRP, namely to explore the JRP dealing 
with items subject to obsolescence. In a more recent JRP literature review, Bastos et al. (2017) also mention relevant research 
on extensions and practical applications of the JRP, but obsolescence is not referenced at all. To our best knowledge, models 
considering items prone to obsolescence under the JRP are still not available in the literature.  

This article proposes an inventory lot sizing model involving multiple types of items subject to obsolescence under the 
framework of the Joint Replenishment Problem (JRP). The type of obsolescence to be addressed in the present article is the 
sudden obsolescence, which occurs when the product design or system specifications change and existing inventories (of 
items, products or their parts) are no longer needed (Sandborn, 2013).  

The model developed in this study uses the single-item total obsolescence model proposed by van Delft & Vial (1996) as a 
starting point and extends it to the case of multiple item types under the JRP. Both the van Delft & Vial (1996) and the classic 
JRP models use assumptions of the EOQ: constant demand, no quantity discounts, no shortages allowed, linear holding cost, 
and instantaneous delivery. The lead time is assumed to be zero. Obsolescence time, or the lifetime of the item types, follows 
a negative exponential distribution. According to Masters (1991), “although many distributions are plausible, the (negative) 
exponential (distribution) is appropriate for sudden obsolescence phenomenon since it models a constant obsolescence rate”, 
i.e. “the age of the item does not influence the probability of obsolescence during any subsequent interval”, which means that 
the obsolescence process has no memory and a time-invariant lot size is optimal. As van Delft & Vial (1996), we also 
incorporate the time value of money in the proposed model by considering the firm discount rate.  

This article is structured as follows. Section 2 characterizes and presents the formulation of the classical JRP while section 3 
discusses literature that addresses the characteristics of obsolescence and presents a literature review on inventory lot sizing 
where items are prone to obsolescence. In section 4, we first present the total obsolescence single-item model developed by 
van Delft & Vial (1996). We include the holding cost per item and per unit of time, which was not originally considered by 
van Delft and Vial. Then, we develop an extended model to cope with multiple types of items in the context of the JRP. The 
model formulation for the general case involving  item types is presented, and an iterative and recursive procedure for 
performing the calculations is also proposed. Some numerical examples and results are presented and discussed in section 5.  

We can conclude that optimal order quantities of coordinated replenishments of multiple obsolescent item types are smaller 
than the quantities of items that are not subject to obsolescence. This is in line with the results obtained by van Delft & Vial 
(1996) with the single-item model. As far as the savings of the coordinated ordering are concerned, they decrease when the 
obsolescence rates increase, and they become more prominent with higher major setup costs.  

The number of cost components of the function to be optimized increases with the number of item types considered in the 
problem. This may lead to large sized problems. However, because the value of some cost components approaches zero as 
the number of item types increases, we may consider the possibility of simply removing these components from the 
calculations.  

In section 6, some conclusions are summarized. 
 
2. Inventory lot sizing and the Joint Replenishment Problem  
  
The JRP considers the coordinated replenishments of different types of items in the same order (Khouja & Goyal, 2008), and 
so it has potential applications whenever a family of items can be defined on the basis of a common supplier, common mode 
of transportation or common production facility (Webb et al., 1997). Typically, the objective is to minimize the total cost, 
composed of ordering (or setup) costs and holding costs, while satisfying the demand. The JRP can be interpreted as an 
extension of the classical EOQ, which considers the optimal trade-off between order costs and holding costs for a single type 
of items but extended into a more complex setting involving multiple item types. The increase in complexity turns the JRP 
into a NP-hard problem, meaning that it is unlikely that a polynomial time algorithm to solve the JRP exists (Cohen & 
Yedidsion, 2015). Most of the assumptions of the classic JRP are similar to those of the classical EOQ, including constant 
demand, no quantity discounts, no shortages allowed, linear holding cost, and instantaneous delivery (i.e. replenishment rate 
is infinite). Without loss of generality, the lead time is equal to zero. However, the cost of placing an order to the supplier 
includes two components, one major ordering cost (or major setup cost) independent of the number of different items in the 
order, and several minor ordering costs (or minor setup costs) that depend on the number of different types of items included 
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in the order (Khouja & Goyal, 2008). The assumptions underlying the classical EOQ imply that it is optimal to place orders 
only when the inventory level hits zero (Berk & Gurler, 2017). In the JRP context, it is reasonable to consider a (cyclic) policy 
which includes a base cycle 𝑇 and a set of integer multipliers 𝑘  such that the time interval between successive replenishments 
of item type 𝑖 is given by 𝑇 = 𝑘 𝑇. This means that an item type 𝑖 where 𝑘 = 1 is included in each and every order. Two 
types of strategies can be generally applied to the JRP: a direct grouping strategy (DGS) and an indirect grouping strategy 
(IGS). According to the DGS, the different item types are separated into a predetermined number of sets and the item types 
within each set are jointly replenished. Under IGS, a replenishment is made at regular time intervals (every 𝑇 units of time) 
and each item type 𝑖 has a replenishment quantity sufficient to last for exactly an integer multiple 𝑘  of 𝑇 (Li et al., 2009).  

 
2.1 Notation and formulation of the classic JRP 
 
Consider the following notation:  𝑁 – number of item (or product) types;  𝑖 – 1, 2, … ,𝑁 – the item (or product) type index;  𝐶 – total ordering and holding costs per unit of time;  𝑇 – time between successive replenishments (or base cycle) expressed in units of time;  𝐴 – major ordering cost (major setup cost) associated with each replenishment;  𝑎  – minor ordering cost incurred if item type 𝑖 is ordered in a replenishment;  ℎ  – unit holding cost for item type 𝑖, per unit of time;  𝐷  – demand of item type 𝑖 per unit of time;  𝑇  – time interval between successive replenishments of item type 𝑖;  𝑄  – order quantity of item type 𝑖 (quantity of items of type 𝑖 to order);  𝐶  – ordering costs per unit of time;  𝐶  – holding costs per unit of time.  

 

Under IGS the cycle time of every item type is an integer multiple 𝑘  of the base cycle 𝑇 such that 𝑇 = 𝑘 𝑇 and the 
corresponding order quantity is given by 𝑄 = 𝑇 𝐷 = 𝑇𝑘 𝐷 .  

Following Khouja & Goyal (2008), the ordering costs per unit of time are  

 𝐶 = 𝐴𝑇 + 𝑎𝑘 𝑇 = 𝐴 + ∑𝑇  . (1) 

and the holding costs per unit of time are  

𝐶 = 𝑄 ℎ2 = 𝑇2 𝑘 𝐷 ℎ . (2) 

Thus, the total costs per unit of time are  𝐶 = 𝐶 + 𝐶 . (3) 

We should be aware that the major setup cost still occurs in cycles with no replenishments (i.e. 𝑘 ≥ 2, i = 1,2, … , N). This 

situation is dealt with by Dagpunar (1982) and Porras and Dekker (2008).  

3. Obsolescence in the Joint Replenishment Problem 
 
The classical EOQ and JRP models implicitly assume that the stocked items have infinite shelf lives. However, there are 
situations where the goods in stock may deteriorate (e.g. pharmaceuticals, alcohol) or become obsolete (e.g. fashion), thus 
being subject to losses of their value over time.  
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According to Goyal & Giri (2001) and Bakker et al. (2012) deterioration refers to the damage, spoilage, dryness, vaporization, 
etc. of the products. On the other side, items are subject to obsolescence if they lose their value over time because of rapid 
changes of technology or the introduction of a new product by a competitor, or because they go out of fashion (Goyal & Giri, 
2001; Khanlarzade et al., 2014). In the context of obsolescence, Pahl and Voβ (2014) consider the products whose 
functionality does not degrade, but where demand deteriorates over time as customers’ perceived utility decreases. Sandborn 
(2013) and Bartels et al. (2012) consider two types of obsolescence: procurement obsolescence or Diminishing Manufacturing 
Sources and Material Shortages obsolescence - DMSMS and sudden obsolescence of inventory obsolescence. The DMSMS 
is concerned with the unavailability of technologies or parts (where “part” refers to the lowest management–manufacturing, 
sparing, repairing level for the system) that are necessary to manufacture or sustain a system. The type of obsolescence to be 
addressed in the present article is the sudden obsolescence, which occurs when the product design or system specifications 
change and, as a result, existing inventories (of products or their parts) are no longer needed. In other words, sudden 
obsolescence may occur because the functions served by an item render it useless, because it is replaced by a substitute one 
performing similar or identical functions, or the like (Arcelus et al., 2002). Obsolescence typically occurs when an item has 
been superseded by a better version (Nahmias, 2011). As a consequence, obsolescence results in a partial or total loss of value 
of the inventory on hand (van Delft & Vial, 1996). At the point in time when obsolescence occurs, it is typically assumed that 
the demand drops suddenly to zero. This discontinuity in demand distinguishes deterioration from obsolescence. Sudden 
obsolescence occurs when the utility loss is relatively abrupt and demand collapses overnight. The point at which an item 
becomes obsolete cannot be predicted in advance. Hence, obsolescence is typically characterized by uncertainty in the lifetime 
of a product (Nahmias, 2011).  

Song & Zipkin (1996) investigate the impact of obsolescence on the inventory policy and conclude that significant savings 
can be obtained by incorporating the risk of obsolescence in inventory decisions. The traditional approach to deal with 
obsolescence of items in inventory lot sizing problems is to add a risk component to the holding cost. Then, the optimal time 
between successive replenishments is derived using the EOQ model (Joglekar & Lee, 1993). Cobbaert & Van Oudheusden 
(1996) discuss obsolescence in an EOQ setting where different situations of obsolescence risk are studied under scenarios 
where shortage is allowed and under scenarios in which it is not allowed. Because the nature of the obsolescence cost is 
different from the holding costs, i.e. it is incurred only once and for all while the holding costs are incurred over a specified 
time interval (Oguji, 2018), van Delft & Vial (1996) consider an expected discounted cost criterion to avoid using an ad hoc 
obsolescence cost.  

In the study presented by Dohi & Osaki (1995), the lifetime distribution of an item follows a generic and arbitrary probability 
distribution. Without discarding other plausible distributions, Masters (1991) argues that the negative exponential probability 
distribution is appropriate for modelling the lifetime of an item subject to sudden obsolescence. Considering the ‘memoryless’ 
property of the negative exponential distribution, this means that the age of the item does not influence the probability of 
obsolescence during the subsequent intervals. Masters (1991) and Joglekar & Lee (1993) use the average cost criterion to 
determine the optimal solution for their sudden obsolescence models, but Joglekar & Lee (1993) present an exact solution 
using a probabilistic analysis based on whether obsolescence occurs during or after an inventory cycle. Van Delft & Vial 
(1996) perform a probabilistic analysis assuming a negative exponential distribution for the item lifetime.  

The aforementioned studies on obsolescence consider constant demand, but other types of demand also exist. Menipaz (1986) 
considers that demand for successive units of the item occurs in accordance with a Poisson process. In Arcelus et al. (2002, 
2006) the demand depends on the retailer's sale price. Under the assumption of stochastic-demand, Emsermann & Simon 
(2007) consider the situation of determining the optimal ordering and reordering policy for an inventory in which the entire 
stock will simultaneously become obsolete at some (typically random) future time defined by a cumulative distribution 
function. Pierskalla (1969) presents a model under a finite and discrete-time planning horizon situation where it may be 
possible to state a probability mass function which gives the probability of an item to become obsolete in each and every 
period. In the view of the author, this function corresponds to a random variable which defines the horizon time.  

Because high technology industries face decreasing component unit costs, Khouja et al. (2006) develop models for products 
which experience continuous unit cost decrease and are also subject to sudden obsolescence. Minimization of costs is not the 
only objective we can find in the literature, but profit maximization can also be found, as discussed in Arcelus et al. (2002, 
2006). In another perspective, Dohi & Osaki (1995) present a model where the objective is the maximization of the stationary 
availability, which is the probability that the stock is not depleted in the steady-state.  

Thompson (1975) and van Delft & Vial (1996) develop models with items subject to obsolescence by considering the time 
value of money where methods of capital budgeting are applied to the determination of optimal inventory levels.  

In a literature review of the JRP, Khouja & Goyal (2008) advocate the development of research on extensions and practical 
applications of the problem, which should continue receiving attention. Bastos et al. (2017) verified a trend in this direction. 
One of the extensions explicitly mentioned by Khouja & Goyal (2008) has to do with including products facing obsolescence 
or deterioration in the JRP, but from Bastos et al. (2017) we can conclude that there continues to exist a lack of research in 
this field. In this line, Kouki et al. ( 2016) state that despite the JRP having been broadly studied in the literature, the 
coordinating replenishment of multiple deteriorating items is still unexplored. The challenge stemming from the limited 
lifetime of this type of item is pointed out as a possible cause. Nevertheless, some models considering the JRP together with 
items subject to deterioration (not obsolescence) exist in the literature, particularly for the case where the rate of deterioration 
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is constant (Taleizadeh et al., 2013). Ai, Zhang, & Wang (2017) approach the JRP by considering multiple non-instantaneous 
deteriorating item types. Kouki et al. (2016) consider in their JRP model a constant deterioration rate with stochastic demand. 
The authors suggest that a random lifetime following a negative exponential distribution is suitable for real situations where 
item lifetimes are typically small but occasionally long. Considering deterioration as a decaying process, exponential decay 
can be derived by assuming that a fixed fraction of stock on hand, given by the constant deterioration rate, is lost each period 
regardless of the age distribution of inventory (Nahmias, 1982). Li et al. (2009) present a JRP model where deterioration is 
interpreted in this context.  

Now that we have reached this point, we find that some relevant models do exist in the literature where items or products are 
subject to obsolescence in inventory lot sizing decision problems, particularly models considering a single item type. 
However, when searching for JRP extensions considering multiple item types, we realize a lack of research in this field. In 
this way, the next section proposes a model that combines the JRP and items prone to obsolescence.  

4. The proposed model  

As explained before, the literature focusing on inventory lot sizing problems where items are subject to obsolescence typically 
only considers a single item type. Van Delft & Vial (1996) models consider the impact of obsolescence for a single item type 
under the discounted cost criterion. According to the authors the use of this criterion is suitable to deal with the specific nature 
of the obsolescence cost, avoiding the use of an ad hoc obsolescence cost. While the obsolescence cost is incurred once and 
for all, the other costs, such as ordering and holding costs, occur during every cycle (Oguji, 2018). We take the van Delft and 
Vial (1996) single item type model as a starting point to develop a JRP based model where multiple item types are prone to 
obsolescence.  

4.1 The single-item type obsolescence model 
 

Assumptions and notation 

Van Delft and Vial (1996) present a chain of single-item type obsolescence models where assumptions change from model to 
model. The first model proposed by van Delft and Vial (1996) considers total loss at obsolescence, which means that 
obsolescence is sudden and all items on hand lose their value at once, and also uses some of the assumptions of the classical 
EOQ model: instantaneous delivery, shortages are not allowed, constant demand rate, constant unit cost, linear holding cost 
and fixed ordering cost. Van Delft and Vial (1996) also assume the lead time to be zero. For convenience, we represent the 
ordering cost by the sum of two components: a major and a minor ordering cost. Additionally, the model considers an 
appropriate internal discount rate of the firm. The item lifetime is random and follows a negative exponential distribution. 
Thus, the time at which obsolescence occurs is unknown.  

Let us consider the following notation:  𝑇 – time between successive replenishments (or base cycle) expressed in units of time;  𝑄 – order lot size (quantity of items to order);  𝐴 – major ordering cost (major setup cost) associated with each replenishment;  𝑎 –minor ordering cost (minor setup cost) associated with including the item in the order;  𝑐 – unit cost of item ($/unit);  ℎ – unit holding cost per unit time ($/unit/time);  𝑉(𝑇) - total discounted cost;  𝐸(𝑉(𝑇)) – total expected discounted infinite horizon cost;  𝐷 – demand of the item per unit of time;  𝛿 – discount rate;  𝜃 – rate of obsolescence of the item.  

The total discounted cost for an infinite time horizon, without considering obsolescence or holding costs, is expressed by (van 
Delft & Vial, 1996):  𝑉(𝑇) = 𝐴 + 𝑎 + 𝑐𝐷𝑇1 − 𝑒  (4) 

Total loss at obsolescence model with holding costs  

Van Delft and Vial (1996) state that the structure of the optimal policy of the single-item type obsolescence model can be 
specified a priori. In fact, one must note that under instantaneous delivery, an order is placed only when the inventory level is 
zero. Thus, the ordering policy can be outlined by a sequence of ordering moments. Indeed, assuming that the inventory level 
is zero at some time t and that the corresponding optimal lot size is 𝑄 such that 𝑇 = , if the obsolescence does not occur 
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during the period 𝑡, 𝑡 + , the inventory will be inevitably zero at moment 𝑡 + . As the obsolescence lifetime follows a 

memoryless distribution, the inventory system is in the same status at time 𝑡 +  as it was at time 𝑡, maintaining 𝑄 as the 
optimal lot size. To compute the total expected discounted cost, van Delft & Vial (1996), in a similar way as Joglekar & Lee 
(1993), separately analyze the cases where 𝑡 ≤ 𝑇 and 𝑡 > 𝑇. If obsolescence occurs at time 𝑡 ≤ 𝑇, the incurred cost is the 
initial one, which is the sum of the ordering and items’ acquisition costs, plus the expected discounted holding costs as 
determined at the beginning of the cycle. The ordering costs are (𝐴 + 𝑎) and the items’ acquisition costs are (𝑐𝐷𝑇). To 
compute the holding costs, we first realize that the inventory level at the beginning of the cycle is 𝑄 units, and the inventory 
level at moment 𝑡 is (𝑄 − 𝐷𝑡) = (𝐷𝑇 − 𝐷𝑡), as 𝑄 = 𝐷𝑇. Then, the total holding costs are given by:  ℎ (𝐷𝑇 − 𝑑𝑡)𝑑𝑡 = ℎ 𝐷𝑇 − 12𝐷𝑇 = 12ℎ𝐷𝑇  (5) 

The corresponding discounted costs are given by:  ℎ 𝑒 (𝐷𝑇 − 𝑑𝑡)𝑑𝑡 (6) 

Taking the expectation of (6) based on the negative exponential distribution of the item lifetime, the holding costs, as expected 
at the beginning of the cycle, are finally given by (see demonstration in Appendix A):  ℎ 𝑒 (𝐷𝑇 − 𝐷𝑡)𝜃𝑒 𝑑𝑡 = ℎ𝜃 𝐷𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃)  (7) 

In a nutshell, when the obsolescence occurs at time 𝑡 ≤ 𝑇, the costs incurred at the beginning of the cycle are given by 𝐴 +𝑎 + 𝑐𝐷𝑇 +  ℎ𝜃 + ( )( ) .  

For the case where obsolescence occurs at a time 𝑡 > 𝑇, we need to add the sum of the expected discounted costs, 𝐸 𝑉(𝑇) , 
to be incurred after time 𝑇 (van Delft & Vial, 1996). This sum must be discounted by the factor 𝑒 . Hence, taking the 
expected value of all components, the total expected discounted costs are given by:  𝐸 𝑉(𝑇) = 𝐴 + 𝑎 + 𝑐𝐷𝑇 +  ℎ𝜃 𝐷𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃) + 𝑒 ( ) 𝐸 𝑉(𝑇)  (8) 

Note that the term 𝑒  applied in the last component, 𝑒 𝐸 𝑉(𝑇) , is the probability for the item to survive during the cycle 𝑇. In fact, it can be interpreted as a ‘weight’ (< 1) associated to a component which may not occur. No probability smaller 
than one is applied to the first component because the corresponding expected costs are assumed to be incurred with certainty 
as of the beginning of the cycle. The expression of 𝐸 𝑉(𝑇)  can be rewritten as (see demonstration in Appendix B):  

𝐸 𝑉(𝑇) = 𝐴 + 𝑎 + 𝑐𝐷𝑇 + ℎ𝜃 + ( )( )(1 − 𝑒 ( ) )  (9) 

Huang (2004) proves in his study that, if we ignore the holding costs term, 𝐸 𝑉(𝑇)  is convex. However, convexity can also 
be proved to the cost function expressed in (9). The demonstration is provided in Appendix C.  

4.2 Extension to JRP total loss obsolescence model 

The total loss obsolescence model proposed by van Delft & Vial (1996) for a single item type is extended in this section in 
the light of the JRP context in order to coordinate the replenishment of multiple item types.  

 Assumptions and notation  

The assumptions considered for the single-item model are kept for our total loss obsolescence JRP extended model, which 
coordinates the ordering of multiple item types. The lifetimes of the multiple item types are assumed to be independent and 
identically distributed and to follow a negative exponential distribution.  

As discussed for the single-item obsolescence model, it makes sense to include an item type in a replenishment only when its 
inventory level is zero. Consequently, as argued for the classic JRP, it is reasonable to consider a replenishment policy which 
consists of a common base cycle  and a set of integer multipliers, one multiplier  for each item type, which corresponds to the 
number of base cycles between replenishments of the corresponding item type (Khouja & Goyal, 2008; Silver et al., 2017).  

The notation of the proposed model is: 𝑁 – number of item (or product) types;  𝑖 – 1, 2, … ,𝑁 – the item (or product) type index;  𝑆 – the ordered set of 𝑁 item types;  



R. Afonso et al. / International Journal of Industrial Engineering Computations 13 (2022) 57𝑇 – time between successive replenishments (or base cycle) expressed in units of time involving all the 𝑁 item types;  𝐴 – major ordering cost (major setup cost) associated with each replenishment;  𝑎  – minor ordering cost incurred if item type 𝑖 is ordered in a replenishment;  ℎ  – unit holding cost for item type 𝑖, per unit of time;  𝐷  – demand of item type 𝑖 per unit of time;  𝑇  – time interval between successive replenishments of item type 𝑖;  𝑘 − integer multiplier such that 𝑇 = 𝑘 𝑇, 𝑖 = 1, … ,𝑁;  𝐵 – a nonempty ordered subset of 𝑆 (i.e. 𝐵 ⊆ 𝑆 𝑎𝑛𝑑 𝐵 ≠ ∅);  Γ(𝐵) – time between successive replenishments (or base cycle) expressed in units of time, but involving only the item types 
that do belong to 𝐵;  𝑘(𝐵) – set of integer multipliers such that if 𝐵 = (𝑖 , 𝑖 , … , 𝑖 ) then 𝑘(𝐵) = 𝑘 ,𝑘 , … ,𝑘  where the multiplier 𝑇 =𝑘 𝑇 , 𝑟 = 1, … ,𝑚;  𝑄  – order quantity of item type 𝑖 (quantity of items of type 𝑖 to order);  𝛿 – discount rate;  𝜃  – rate of obsolescence of item type 𝑖;  𝐶  – setup costs incurred during base cycle;  𝐶  – acquisition costs incurred during base cycle;  𝐶  – holding costs incurred during base cycle;  Ψ  – expected cost incurred during the first base cycle;  Ψ  – expected costs where 𝑛 item types do not become obsolete during the base cycle 𝑇 or, in other words, where 𝑛 of 𝑁 the 
item types survive the base cycle 𝑇, such that (1 ≤ 𝑛 ≤ 𝑁);  𝑉(𝐵, Γ(𝐵), 𝑘(𝐵)) – total discounted infinite horizon cost associated to item types 𝑖 that do belong to 𝐵;  𝐸 𝑉(𝐵,Γ(𝐵),𝑘(𝐵))  – total expected discounted infinite horizon cost associated to item types 𝑖 that do belong to 𝐵.  

 
When we refer to the optimal cost value of 𝐸 𝑉(𝐵, Γ(𝐵),𝑘(𝐵)) , the notation appears with the symbol “∗” at the top-right of 𝐸, i.e. 𝐸∗ 𝑉(𝐵, Γ(𝐵),𝑘(𝐵)) . The objective of the proposed model is to minimize 𝐸 𝑉(𝑆, Γ(𝑆),𝑘(𝑆)) =𝐸 𝑉(𝑆,𝑇, (𝑘 , … , 𝑘 )) , i.e. find 𝐸∗ 𝑉(𝑆,𝑇, (𝑘 , … , 𝑘 ))  where all the 𝑁 item types are involved.  In a similar way as showed 
for the single-item case in (7), the holding costs of item type 𝑖 are given by:  ℎ 𝑒 (𝐷 𝑇 − 𝐷 𝑡)𝜃𝑒 𝑑𝑡 = ℎ 𝜃 𝐷 𝑘 𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃 )  (10) 

For the derivation of the single-item expected discounted cost function, van Delft & Vial (1996) analyze the cases where 
obsolescence occurs at time 𝑡 ≤ 𝑇 and 𝑡 > 𝑇, i.e. during and after the base cycle 𝑇. In our proposed model, we consider an 
analogous approach where the obsolescence time occurs during or after the base cycle 𝑇.  

4.3 Costs incurred during the base cycle 𝑇  

Accordingly, the fixed order or setup costs and the costs of acquisition of the several items incurred at the beginning of the 
base cycle 𝑇 are given by 𝐶 = 𝐴 + ∑ 𝑎  and 𝐶 = ∑ 𝑐 𝐷 𝑘 𝑇, respectively. The expected discounted holding costs 

incurred during the base cycle 𝑇 are given by 𝐶 = ∑ ℎ 𝜃 + ( ) . Then, the costs incurred during the 

base cycle are Ψ = 𝐶 + 𝐶 + 𝐶 .  

4.4 Costs incurred after the base cycle 𝑇 

Considering now the case of costs incurred after the first base cycle, i.e. after moment 𝑡 = 𝑇, we have to include the cost 
components with respect to all possible combinations where at least one item type survive the first base cycle 𝑇. For example, 
the cases where just one of the item types survives and the other 𝑁 − 1 do not, the cases where just two any item types survive 
and the other 𝑁 − 2 do not, and so on, until the last case where all the item types do survive the cycle 𝑇. Each of the cases is 
multiplied by the corresponding probabilities of survival and not survival of the individual item types. Moreover, each case 
is multiplied by a factor corresponding to the optimal expected discounted costs of the item types that survived.  



  

 

58 

The total expected discounted costs must take into account the following terms:  

• one term with the costs incurred during the first base cycle 𝑇:  Ψ = 𝐶 + 𝐶 + 𝐶  (11) 

• 𝑁 terms with respect to the combinations where one item type survives the first base cycle 𝑇:  Ψ = 𝐸∗ 𝑉 (𝑖), Γ (𝑖) , (𝑘 ) 𝑒 1 − 𝑒∈( )∈  
(12) 

One must note that when optimizing 𝐸 𝑉 (𝑖), Γ (𝑖) , (𝑘 ) , where there is only the product 𝑖 to consider, we logically set 
multiplier 𝑘  to one as we are not in a situation of coordinating the replenishments of different item types, but just one item 
type. Thus, optimizing the expected discounted costs with a single item type implies that we just have to use the van Delft & 
Vial (1996) obsolescence model described in section 4.1.  

• 2 −𝑁 − 2 terms where 𝑚 (2 ≤ 𝑚 ≤ 𝑁 − 1) types of items survive the first base cycle 𝑇:  

Ψ = ⎝⎜
⎛𝐸∗ 𝑉(𝐵, Γ(𝐵),𝑘(𝐵)) 𝑒 ⋯ 1 − 𝑒∈∉ ⎠⎟

⎞( ,…, )⊂( )
 (13) 

 This means that, for each 𝑚, Ψ  is the to the sum of = !!( )! components.  

• one term where all the 𝑁 item types survive the first base cycle 𝑇:  Ψ = 𝐸 𝑆, Γ(𝑆),𝑘(𝑆) 𝑒 ( … ) = 𝐸 𝑉(𝑆,𝑇, (𝑘 , … ,𝑘 )) 𝑒 ( … )  (14) 

The number of terms in the expression of the general case is 2  which is equal to one term with respect to the costs incurred 
during the first base cycle plus the number of terms with respect with the nonempty subsets of S (i.e. the number of elements 
of ℘(𝑆) – the power set of 𝑆, minus the empty set). In other words, it is the term of costs incurred during the first base cycle 
plus the number of all the 𝑛-combinations of the 𝑁 item types, 𝑛 = 1,2, … ,𝑁. Hence, the general expression of the total 
expected discounted cost is given by:  

𝐸 𝑉(𝑆,𝑇, (𝑘 , … , 𝑘 )) = Ψ + 𝑒 𝐸 Ψ ⟺  𝐸 𝑉(𝑆,𝑇, (𝑘 , … ,𝑘 )) = Ψ + 𝑒 𝐸 Ψ + 𝑒 Ψ ⟺ 

𝐸 𝑉(𝑆,𝑇, (𝑘 , … , 𝑘 )) − 𝑒 Ψ = Ψ + 𝑒 𝐸 Ψ
⟺  𝐸 𝑉(𝑆,𝑇, (𝑘 , … , 𝑘 )) − 𝑒 𝑒 ( … ) 𝐸 𝑉(𝑆,𝑇, (𝑘 , … ,𝑘 )) = Ψ + 𝑒 𝐸 Ψ  

⟺𝐸 𝑉(𝑆,𝑇, (𝑘 , … , 𝑘 )) = Ψ + 𝑒 𝐸(∑ Ψ )(1 − 𝑒 ( … ) ) (15) 

4.5 Simplification process for the expected total cost calculation 

As previously explained, the number of (all-positive) cost components in the 𝑁-item types total expected discounted infinite 
horizon cost expression is 2 . This may have a big impact in the number of calculations when facing a situation with a large 
number of item types. However, a more careful analysis can lead us to the simplification on the calculation of the total expected 
cost, especially by ignoring the cost terms which might be quite close to zero. In fact, the cost terms related to item types 
surviving the base cycle 𝑇 (i.e. 𝑒 𝐸(∑ Ψ ), when obsolescence occurs after the base cycle), decrease and approaches 
zero as the number of item types increase.  

To compute the minimum of Eq. (15) it is necessary to consider an iterative and recursive procedure to determine the several Ψ  (𝑚 = 1,2, … ,𝑁 − 1), presented in Eq. (12) and Eq. (13). During the first iteration, we have to optimize each of the cases 
where just one of the items survive the first base cycle 𝑇 by applying the single-item model from van Delft & Vial (1996). 
These values are needed to compute Ψ . In the second iteration, we have to optimize each of the cases where two of the item 
types survive the first base cycle 𝑇. The current iteration uses the optimal single-item total expected discounted costs 
determined in the previous one as input. That is to say, the values of 𝐸∗ 𝑉 (𝑖 ), Γ (𝑖 ) , 𝑘  and 
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used to compute Ψ . The procedure continues in this way until the last iteration in which 𝐸∗ 𝑉(𝑆,𝑇, (𝑘 , … ,𝑘 ))  is finally 
computed. For example, let us consider the simplest case where 𝑁 = 2. In addition to the case in which the two items do 
become obsolete during the first base cycle, there are three more cases to take into account: only item type 1 survives, only 
item type 2 survives, and both item types survive. In this way, the expression of the expected discounted total cost where 𝑆 =(1,2) is given by: 𝐸 𝑉 𝑆,𝑇, (𝑘 ,𝑘 )  =  𝐴 + 𝑎 + 𝑎 + 𝑐 𝐷 𝑇 + 𝑐 𝐷 𝑇 + ℎ 𝜃 𝐷 𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃 )+ ℎ 𝜃 𝐷 𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃 )+ 𝑒 𝐸∗ 𝑉 (1), Γ (1) , (𝑘 ) 𝑒 1 − 𝑒+ 𝐸∗ 𝑉 (2), Γ (2) , (𝑘 ) 𝑒 1 − 𝑒 + 𝑒 ( ) 𝐸 𝑉 𝑆,𝑇, (𝑘 , 𝑘 )  = 𝐴 + 𝑎 + 𝑎 + 𝑐 𝐷 𝑘 𝑇 + 𝑐 𝐷 𝑘 𝑇 + ℎ 𝜃 𝐷 𝑘 𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃 )+ ℎ 𝜃 𝐷 𝑘 𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃 )+ 𝑒 𝐸∗ 𝑉 (1), Γ (1) , (𝑘 ) 𝑒 1 − 𝑒+ 𝐸∗ 𝑉 (2), Γ (2) , (𝑘 ) 𝑒 1 − 𝑒 + 𝐸 𝑉 𝑆,𝑇, (𝑘 ,𝑘 ) 𝑒 ( ) ⇔ 
 𝐸 𝑉 𝑆,𝑇, (𝑘 ,𝑘 )

= 𝐴 + ∑ 𝑎 + 𝑐 𝑑 𝑘 𝑇 + ℎ 𝜃 + ( )(1 − 𝑒 ( ) )
+ ∑ ∑ 𝐸∗ 𝑉 (𝑖), Γ (𝑖) , (𝑘 ) 𝑒 ( ) 1− 𝑒(1 − 𝑒 ( ) )  

(16) 

In this case, the procedure considers one iteration where 𝐸∗ 𝑉 (1), Γ (1) , (𝑘 )  and 𝐸∗ 𝑉 (2), Γ (2) , (𝑘 )  are 
determined in the first hand and then, in the second iteration, they are used to minimize Eq. (16). As aforesaid, convexity of 
the expected total discounted cost function has been proved for the single-item model. Convexity also exists when we are 
facing the two-item types scenario (i.e. 𝑁 = 2) where the obsolescence rates are equal for both item types, the discount rate 
is zero and the multipliers 𝑘  and 𝑘  are fixed to constant (see demonstration in Appendix D). However, the convexity structure 
of the general extended JRP total loss obsolescence model is not obvious.  

 

5. Numerical examples and results discussion 
 
An application developed in Excel VBA was used to run some test cases and obtain some results. All the test cases presented 
here involve three item types. The test cases were grouped in order to perform sensitivity analysis on several parameters of 
our JRP obsolescence model. Some of the test cases executed in the Excel VBA application were tested in MATLAB in order 
to compare and validate the obtained results. The results obtained in MATLAB were the same as the ones obtained with the 
Excel VBA application. The analysis is performed on a situation where a fictional company needs to systematically order and 
stock three item types subject to obsolescence from a single supplier. Several test cases are built in order to highlight the 
impact of the core features of our proposed model on the ordering policies, such as the obsolescence, time value of the money 
and JRP setup costs. Table 1 depicts the figures of each of the input parameters used to construct and run the several test 
cases. The values of the coordinated ordering are expressed in all the results depicted below by the optimal values of 𝐸 𝑉 𝑆,𝑇, (𝑘 ,𝑘 , 𝑘 )  while the independent ordering values are the results obtained when each of the item types are ordered 
independently of each other. 
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Table 1  
Values of the parameters used to construct the test cases 

Parameter Values used in test cases 
Set 1 Set 2 Set 3 

δ 0.05 0.1 0.2 𝜃 , 𝜃  𝜃  0.2 0.3 0.5 
A ($) 100 1000 10000 𝑎  ($) 10 50 3000 𝑎  ($) 15 70 800 𝑎  ($) 10 70 500 𝐷  (units) 80 150 300 𝐷  (units) 200 400 600 𝐷  (units) 60 400 1200 𝑐  ($) 2 4 6 𝑐  ($) 3 8 12 𝑐  ($) 1 10 30 

($/unit/time) ℎ  0.2 0.6 1.5 
($/unit/time) ℎ  0.3 1.2 3 
($/unit/time) ℎ  0.1 1.5 7.5 

 

5.1 First group of test cases – analysis on obsolescence rates  

The first group includes six test cases with differences in the obsolescence rates and in the major setup cost. In the first three 
test cases the obsolescence rate is the same among the item types. The discount rate is 0.1 and the major set cost is 1000. 
However, the obsolescence rates increase from test case one to test case three (from 0.2 to 0.5). Test cases four, five and six 
are the same as test cases one, two and three, but the major setup cost is zero. All the other parameters of the six test cases do 
not change and are set to parameter set 1 values depicted in Table 1. The results of the six test cases are presented below in 
Table 2.  

Table 2 
Results of the first group of test cases  

Test Case 1 2 3 4 5 6 𝑇∗ 2.73 2.38 1.83 0.50 0.43 0.35 𝑘∗ (multiplier) 1 1 1 1 1 1 𝑘∗ (multiplier) 1 1 1 1 1 1 𝑘∗ (multiplier) 1 1 2 1 1 1 𝑄∗ (decimal units) 218.24 190.28 146.28 40.21 34.54 27.89 𝑄∗ (decimal units) 545.60 475.70 365.69 100.53 86.36 69.73 𝑄∗ (decimal units) 163.68 142.71 219.41 30.16 25.91 20.92 
Independent Ordering Cost ($) 8815.50 7661.34 6421.39 3182.00 2443.22 1693.34 𝐸 𝑉 𝑆,𝑇, (𝑘 , 𝑘 , 𝑘 ) ($) 6520.12 5492.21 4341.07 3200.45 2458.72 1705.46 

Savings ($) 2295.38 2169.13 2080.31 -18.45 -15.50 -12.12 

 

From test cases one, two and three, we can see that savings of the coordinated ordering decrease as long as the obsolescence 
rates increase. The base cycle between successive replenishments decreases and the order sizes decrease as well. In fact, these 
results make sense. The risk of obsolescence conducts to smaller lot sizes in order to prevent against high inventory levels 
when item types become suddenly obsolete. The smaller savings of the coordinated ordering associated with an increase of 
the risk of obsolescence can be justified by the correspondent smaller base cycle which implies more frequent orders to satisfy 
the demands and, thus, incurring more frequently into ordering costs. The progressively smaller order quantities associated 
with the increase in the obsolescence rates are in line with the results obtained by van Delft & Vial (1996) with the single-
item type total obsolescence model.  

The savings of test cases four, five and six are slightly negative due to the null value of the major setup cost. When the major 
setup cost is zero, the benefit from coordinated ordering vanishes mainly because of the expected discounted cost components 
with respect to 𝑡 > 𝑇, i.e., 𝑒 𝐸(∑ Ψ ), of the total expected discounted costs expression of our proposed JRP 
obsolescence model. This is aligned with the common sense that it is better to order item types separately when we are not 
confronted with a major setup cost that is shared by ordering the different item types.  
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5.2 Second group of test cases – analysis on the major setup cost  

Here the test cases one, two and three are equal except for the major setup cost, which increases from test case one to test case 
three (100, 1000, and 10000, respectively). The obsolescence rates among the item types are the same (equal to 0.5 for all 
item types). The test cases four, five and six are equal to test cases one, two and three, respectively, but the obsolescence rates 
are different among the item types (equal to 0.2, 0.3 and 0.5 for item types one, two and three, respectively). All the other 
parameters consider the parameter set 1 presented in Table 1. The obtained results are depicted in Table 3.  

Table 3 
Results of the second group of test cases 

Test Case 1 2 3 4 5 6 𝑇∗ 0.67 1.93 4.86 0.92 2.24 6.15 𝑘∗ (multiplier) 1 1 1 1 2 2 𝑘∗ (multiplier) 1 1 1 1 1 1 𝑘∗ (multiplier) 2 2 2 1 1 1 𝑄∗ (decimal units) 53.46 154.05 389.16 73.86 358.67 984.27 𝑄∗ (decimal units) 133.65 385.13 972.91 184.65 448.34 1230.34 𝑄∗ (decimal units) 80.19 231.08 583.75 55.39 134.50 369.10 
Independent Ordering Cost ($) 2677.62 6666.35 36145.69 3905.05 8372.38 39034.50 𝐸 𝑉 𝑆,𝑇, (𝑘 ,𝑘 , 𝑘 )  ($) 2380.89 4581.22 16328.47 3571.05 6234.83 19189.66 

Savings ($) 296.73 2085.13 19817.22 334.00 2137.54 19844.83 
 

The results allow us to conclude that the greater the major setup cost the greater the savings of the coordinated ordering. The 
base cycle between successive replenishments and the order sizes increase substantially with the increase of the major setup 
cost. Within our coordinated ordering context, this is aligned with an increase of the ratio ∑  ∑  . In fact, when the 
setup costs (i.e. 𝐴 + ∑𝑎 ) are substantially higher than the holding costs (i.e. ∑ℎ ), the replenishments will probably occur 
less frequently (Silver et al., 2017). This is observed with test cases one, two and three, and with test cases four, five and six, 
where the major setup cost increases from test case to test case while the holding costs parameters do not vary.  

Another interesting result relates the major setup cost and the expected lifetime of the item types. The greater values of the 
major setup cost in test cases three and six imply a base cycle that is greater than the expected lifetime of the considered item 
types, i.e., max(1/0.5, 1/0.5, 1/0.5) = 2 units of time in test case three and max(1/0.2, 1/0.3, 1/0.5) = 5 units of time in test case 
six.  

5.3 Third group of test cases – analysis on the minor setup costs  

The third group of test cases are equal to the test cases of group two, except for differences on the setup costs. The major 
setup cost is the same for all test cases (1000). The minor setup cost of item type 1 is set to 10, 50 and 3000 in the first three 
test cases, respectively. For item type 3, the minor setup cost is equal to 10, 70, 500 in the test cases four, five and six, 
respectively. The minor setup costs of item type 2 do not vary across all test cases. Results obtained are presented in Table 4.  

Table 4 
Results of the third group of test cases 

Test Case 1 2 3 4 5 6 𝑇∗ 1.93 1.63 1.77 2.24 2.07 2.20 𝑘∗ (multiplier) 1 2 3 2 2 2 𝑘∗ (multiplier) 1 1 1 1 1 1 𝑘∗ (multiplier) 2 2 2 1 2 2 𝑄∗ (decimal units) 154.05 260.25 424.36 358.67 331.81 351.95 𝑄∗ (decimal units) 385.13 325.31 353.64 448.34 414.76 439.94 𝑄∗ (decimal units) 231.08 195.19 212.18 134.50 248.86 263.96 
Independent Ordering Cost ($) 6666.35 6714.28 9977.13 8372.38 8437.72 8899.87 𝐸 𝑉 𝑆,𝑇, (𝑘 ,𝑘 ,𝑘 )  ($) 4581.22 4633.88 7981.28 6234.83 6307.04 6786.58 

Savings ($) 2085.13 2080.40 1995.84 2137.54 2130.67 2113.29 
 

In a similar way as verified in the second group of test cases on the major setup cost, a progressive increase of the minor setup 
costs causes the same impact in the time between replenishments and the corresponding ordered quantities. However, the 
coordinated ordering savings walks in the opposite way, i.e., decreases with the increase of the minor setup cost. From test 
cases one, two and three we can observe the progressive increase of the item type 1 multiplier 𝑘  due to the progressive 
increase of the item type 1 minor setup cost in the test cases one, two and three (1, 2, 3). The same can also be verified in the 
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multiplier 𝑘  of item type 3 in test cases four, five and six (1, 2, 2). The expected lower replenishment frequency of these two 
item types is explained by the increase of the minor setup cost, as it implies an increase of the ratio ∑  ∑  .  

5.4 Fourth group – analysis on the discount rates 

The test cases one, two and three are equal, except for the progressive increase of the discount. The obsolescence rates in 
these test cases have different values from item type to item type (0.2, 0.3 and 0.5, respectively). The major setup cost is 
always equal to 1000. All other parameters are equal and set to the parameter set 2 values depicted in Table 1. The test cases 
four, five and six are equal to first three test cases, but the obsolescence rates are zero, i.e., the item types are not subject to 
obsolescence. Results are presented next (Table 5).  

Table 5  
Results of the fourth group of test cases 

Test Case 1 2 3 4 5 6 𝑇∗ 0.74 0.74 0.67 2.42 1.70 1.19 𝑘∗ (multiplier) 2 1 1 1 1 1 𝑘∗ (multiplier) 1 1 1 1 1 1 𝑘∗ (multiplier) 1 1 1 1 1 1 𝑄∗ (decimal units) 220.87 110.37 100.59 363.08 254.61 177.95 𝑄∗ (decimal units) 294.50 294.32 268.24 968.21 678.95 474.54 𝑄∗ (decimal units) 294.50 294.32 268.24 968.21 678.95 474.54 
Independent Ordering Cost ($) 32322.29 29420.15 25244.27 187977.2 101263.7 56113.32 𝐸 𝑉 𝑆,𝑇, (𝑘 , 𝑘 , 𝑘 ) ($) 28942.67 26063.50 21877.53 176070.0 92429.59 49443.45 

Savings ($) 3379.62 3356.65 3366.74 11907.17 8834.10 6669.87 

 

From results of the fourth group of test cases we can conclude that the greater the discount rate the lesser the savings of the 
coordinated ordering. The base cycle between successive replenishments and order quantities of the item types also decreases 
with the discount rate increase. This result is in line with the increase of the risk of obsolescence in the first group of test cases 
above mentioned. Hence, an increase in the discount rate implies smaller lot sizes and a decrease of the base cycle. The 
absence of obsolescence in test cases four, five and six implies significantly greater coordinated ordering savings when 
compared to test cases where item types are prone to obsolescence. This is aligned with the results of the first group of test 
cases.  

5.5 Fifth group - analysis on holding cost, minor setup cost, demand and unit cost parameters  

The fifth group includes seven test cases and takes the test case 1 as a basis for analysis with the other six test cases changing 
the following parameters: holding cost, demand and unit cost. In this way, test cases one, two and three are equal, except the 
progressive increase of the holding cost parameter; test cases one, four and five are equal, except the progressive increase of 
the demand parameter; and test cases one, six and seven are equal, with exception to the progressive increase of unit cost 
parameter. All the remaining parameters are set to the values of the parameter set 2 of Table 1. Results are presented in Table 
6.  

Table 6 
Results of the fifth group of test cases 

Test Case 1 2 3 4 5 6 7 𝑇∗ 2.50 2.25 1.84 1.67 1.23 1.49 1.11 𝑘∗ (multiplier) 1 1 1 1 1 1 1 𝑘∗ (multiplier) 1 1 1 1 1 1 1 𝑘∗ (multiplier) 1 1 1 1 1 1 1 𝑄∗ (decimal units) 200.04 180.28 146.83 251.15 367.65 119.27 88.57 𝑄∗ (decimal units) 500.09 450.70 367.07 669.73 735.30 298.19 221.42 𝑄∗ (decimal units) 150.03 135.21 110.12 669.73 1470.61 89.46 66.43 
Independent Ordering Cost ($) 7867.52 8317.83 9354.80 12511.24 18948.36 14686.77 22291.78 𝐸 𝑉 𝑆,𝑇, (𝑘 ,𝑘 , 𝑘 )  ($) 5729.73 6071.99 6845.32 9914.75 15801.21 11980.75 19089.51 

Savings ($) 2137.79 2245.84 2509.48 2596.49 3147.15 2706.02 3202.26 
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Taking the results of the fifth group into account, we can conclude the following:  

− The greater the holding costs, the greater the savings of the coordinated ordering, but the lesser the time between 
successive replenishments and the ordering quantities of all the item types; the same behavior holds when we increase 
the unit cost parameters of the item types;  

− The greater the demand, the greater the savings of the coordinated ordering and the quantities of all the item types, 
but the lesser the time between successive replenishments.  

6. Conclusion 

This article developed an extension of the JRP where the item types are prone to obsolescence. We started from a previous 
single item type total obsolescence model, which does not consider holding costs, that optimizes the total expected discounted 
cost criterion, and extended it in order to consider holding costs and to cope with multiple types of items under the JRP 
context. The demand and the obsolescence rates of the item types are constant. Obsolescence time of every item type is 
assumed to follow a negative exponential distribution, which means that the lifetimes of the different item types are uncertain.  

The convexity of the single item obsolescence model with holding costs is proved, but the convexity of the JRP obsolescence 
model is not obvious. Nevertheless, we prove the convexity of the model in the particular case of two item types with equal 
obsolescence rates and where the integer multipliers variables of both item types are assumed a priori to be one.  

Sensitivity analysis has been performed on model parameters in order to analyze their impact in the ordering policy and in the 
savings obtained with the coordinated ordering. As far as the impact of obsolescence is concerned, an increase of the risk of 
obsolescence, through the increase of the obsolescence rates, may turn out a decrease of the savings of the coordinated 
ordering, the time between successive replenishments as well as the ordering quantities. Regarding the time value of money, 
the same impact occurs when we face a progressive increase of the discount rate.  

The expression of total expected discounted cost of the JRP obsolescence model has a number of cost terms which is dependent 
on the number of item types. This fact may have a significant impact on the number of needed calculations to determine the 
optimal value when the number of item types is large enough. We can decrease the number of calculations by removing 
components from the expression that converges to zero when the number of item types is a sufficiently large number.  
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Appendices 

Appendix A - Derivation of the holding costs expression 

The holding costs, as expected at the beginning of the cycle, are given by equation (7):  ℎ 𝑒 (𝐷𝑇 − 𝐷𝑡)𝜃𝑒 𝑑𝑡 = ℎ𝜃 𝐷𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃)  Eq. (A.1) 
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Proof:  

In the first step we determine the indefinite integral:  ℎ 𝑒 (𝐷𝑇 − 𝐷𝑡)𝜃𝑒 𝑑𝑡 =  ℎ𝜃𝐷 (𝑇 − 𝑡)𝑒 ( ) 𝑑𝑡 =  ℎ𝜃𝐷 (𝑇 − 𝑡) − ( ) − − ( ) (−1)𝑑𝑡 =
ℎ𝜃𝐷 − ( ) ( ) − ( ) 𝑑𝑡 = ℎ𝜃𝐷 − ( ) ( ) − ( ) = ℎ𝜃𝐷 − ( ) ( ) − ( ) = ℎ𝜃𝐷 − ( ) ( ) + ( ) =  ℎ𝜃𝐷 − ( ) ( ) + ( )( )   

In the second step we determine the definite integral:  ℎ 𝑒 (𝐷𝑇 − 𝐷𝑡)𝜃𝑒 𝑑𝑡 = ℎ𝜃𝐷 − (𝑇 − 𝑡)𝑒 ( )𝛿 + 𝜃 + 𝑒 ( )(𝛿 + 𝜃) − ℎ𝜃𝐷 − (𝑇 − 𝑡)𝑒 ( )𝛿 + 𝜃 + 𝑒 ( )(𝛿 + 𝜃)= ℎ𝜃𝐷 −0 + 𝑒 ( )(𝛿 + 𝜃) + 𝑇𝛿 + 𝜃 − 1(𝛿 + 𝜃) = ℎ𝜃𝐷 𝑇𝛿 + 𝜃 + 𝑒 ( )(𝛿 + 𝜃) − 1(𝛿 + 𝜃)= ℎ𝜃 𝐷𝑇𝛿 + 𝜃 + 𝐷 𝑒 ( ) − 1(𝛿 + 𝜃) , 
which was to be demonstrated.  

 

Appendix B - Derivation of E[V(T)] with holding costs  

The expression of 𝐸 𝑉(𝑇)  with holding costs is given by equation (9):  

𝐸 𝑉(𝑇) = 𝐴 + 𝑎 + 𝑐𝐷𝑇 + ℎ𝜃 + ( )( )(1 − 𝑒 ( ) )  Eq. (B.1) 

Proof:  

Let 𝐿 be the negative exponential random variable of the item lifetime such that 𝐿~𝐸𝑥𝑝(𝜃) and, to simplify the expressions, 
let 𝐻 = ℎ𝜃 + ( )( ) .  

In a first moment, consider 𝑉(𝑇) without the impact of obsolescence, but with the expected holding costs 𝐻:  𝑉(𝑇) = (𝐴 + 𝑎 + 𝑐𝐷𝑇 + 𝐻)𝑒  

 

Eq. (B.2) 

Now, taking expectation and considering the impact the obsolescence in Eq. (B.2), multiplying each cost component by the 
probability of survival of the item type, the expected discounted cost along the infinite planning horizon is given by:  𝐸 𝑉(𝑇) = (𝐴 + 𝑎 + 𝑐𝐷𝑇 + 𝐻)𝑃 𝐿 > 𝑚𝑇 𝑒 = (𝐴 + 𝑎 + 𝑐𝐷𝑇 + 𝐻)𝑒 𝑒 =

= (𝐴 + 𝑎 + 𝑐𝐷𝑇 + 𝐻) + 𝑒 ( ) (𝐴 + 𝑎 + 𝑐𝐷𝑇 + 𝐻)𝑒 ( )
= (𝐴 + 𝑎 + 𝑐𝐷𝑇 + 𝐻) + 𝑒 ( ) 𝐸 𝑉(𝑇) ⟺ 𝐸 𝑉(𝑇) = 𝐴 + 𝑎 + 𝑐𝐷𝑇 + 𝐻1 − 𝑒 ( )   Eq. (B.3) 

which was to be demonstrated.  

Appendix C - Convexity of E[V(T)]  𝐸 𝑉(𝑇)  is convex and, thus, has a global minimum in ℝ .  

Proof:  
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The expression of 𝐸 𝑉(𝑇)  excluding the holding costs, i.e. ( ( ) )), is convex (see Huang, 2004). In this way, to 

demonstrate the convexity of 𝐸 𝑉(𝑇) , it is enough to prove the convexity of the expression 

( )( )( ( ) ) . This 

expression can be rewritten as ( ( ) ) + ( )( )( ( ) ) . The first term is convex as it is simply a particular case of the 𝐸 𝑉(𝑇)  without the holding costs where  𝐴 + 𝑎 = 0 and 𝑐 = .  

Ignoring now, without loss of generality, the constant terms of the numerator of the second term, we only need to prove that 𝐽(𝑇) = ( )( ( ) ) is convex.  

The derivative of 𝐽(𝑇) is 𝐽 (𝑇) = ( )( ) = ( ) = − ( ) ( )( )  and the second derivative is 𝐽 (𝑇) =− ( ) ( )( ( ) ) = ( ) ( ) ( )( ) . Because 𝐽 (𝑇) > 0 for 𝑇 > 0, then 𝐽(𝑇) is convex, which was to be 

demonstrated.  

Appendix D - Convexity of JRP obsolescence model with restricted conditions – a case with two item types  

Let us consider the case where the number of item types is two (𝑁 = 2 and 𝑆 = (1,2)). If 𝜃 = 𝜃 = 𝜃, 𝛿 = 0, and 𝑘  and 𝑘  
are fixed constants a priori, then the total expected discounted cost function 𝐸 𝑉 (1,2),𝑇, (1,1)  is convex. Therefore, 
assuming the integer multipliers as fixed constants implies that the total expected discounted cost expression is converted into 
a one-variable function, i.e., a function where the only decision variable is the base cycle 𝑇.  

Proof:  

Let 𝑆 = (1,2), θ = θ = θ, δ = 0 and, for the sake of simpler formulas, 𝑘 = 𝑘 = 1. Then, 𝐸 𝑉 (1,2),𝑇, (1,1)   can be 
written as:  𝐸 𝑉 (1,2),𝑇, (1,1)

= 𝐴 + ∑ 𝑎 + 𝑐 𝑑 𝑇 + ℎ 𝜃 +(1 − 𝑒 ) + ∑ ∑ 𝐸∗ 𝑉 (𝑖), Γ (𝑖) , 1 𝑒 1 − 𝑒(1 − 𝑒 )  

Convexity of the single item type model has been already demonstrated in A.3. Now, comparing the expression 𝐸 𝑉 (1,2),𝑇, (1,1)  with the expression 𝐸 𝑉(𝑇)  of the single item type model, where convexity holds, we just need to 

demonstrate that the component 𝐻(𝑇) = ∗ ( ), ( ) ,
 is convex in order to ensure 𝐸 𝑉 (1,2),𝑇, (1,1)  

convexity. The other terms are convex by means of appendix C. Therefore, using MATLAB, we can verify that the second 

derivative of 𝐻(𝑇) is strictly positive, i.e. 𝐻(𝑇) = ∗ ( ), ( ) , ∗ ∗ > 0,∀ , ensuring which was to be 

demonstrated.  
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